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Extraction Object Edge Features by Using RBF Neural Networks
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Abstract An approach of extracting objed feature based on radial basic function neural networks
(RBFNN) is proposed. Two RBFNN are used. The first RBFNN is developed to calculate angle of x-axis
with clockwise boundary or counter- clockwise boundary a the boundary point. boundary point p; that has
small angle between its two boundary is identified as a corner point with high curvature. According to the
boundary curve features of the object, all kinds of boundaries sign patterns of the object are setup and used
to train the second RBFNN, so as to tangent points, inflection points with low curvature and boundary
types. Experiments result have shown that the proposed RBFNNs have good extracting and localizing feature
points for object in random orientations .
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